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Graph Search in the Big Data Era

Ma Shuai

Li Jia

Liu Xudong
Huai Jinpeng

SKLSDE Lab, Beihang University, Beijing 100191, China

Abstract As we know, we have entered into the “Big Data” era. Compared with RDB and XML, graphs have more
expressive power, and can represent more complex structures. Hence, graphs are widely applied in many fields of computer
science and beyond. The wide use of graphs has brought about the emergence of “graph search”, a new searching
paradigm, which has drawn more and more attentions from both industrial and academic communities. In this article, we
focus on the applications and techniques of graph search, along with the challenges to be solved.
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